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Shockingly good at doing science ...

“Whether probing the evolution of galaxies
“or discovering new chemical compounds,
“algorithms are detecting patterns
“no humans could have spotted.”



Key idea: Use AI to (help) construct AI systems

Key idea:  AutoAI (Automated Artificial Intelligence)

I AI → AutoAI ∼= ML → AutoML
leverage learning, optimisation, meta-algorithmic approaches

I enable non-experts to build, deploy, maintain
high-quality AI systems (predictable, robust, performant)

 alleviate talent bottleneck

 broader access to AI, reduced barrier to entry
(democratisation of AI)

 increased benefits, reduced risks from use of AI
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Examples:

I automated configuration of SAT solvers, MIP solvers,
AI planning systems, ...

I per-instance algorithm selection for SAT, CSP,
container pre-marshalling, ...

I automated machine learning (AutoML)

Note:

I increasing impact and adoption in academia

I successful applications in industry

I mission accomplished? no: this is just the beginning
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AutoAI in TAILOR (WP 7; lead: U Leiden)

I automate labour-intensive, error-prone aspects of building
AI systems to make them more trustworthy and robust

I AutoML in the wild (WP 7.1; lead: U Freiburg)

I Beyond standard supervised learning (WP 7.2; lead: U Leiden)

I Self-monitoring AI Systems (WP 7.3; lead: U Leiden)

I Multi-objective AutoAI (WP 7.4; lead: Inria Saclay)

I Ever-learning AutoAI (WP 7.5; lead: TU Eindhoven)
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Connections and impact

I Unifying AI paradigms and representations (WP 4)

I Deciding and learning how to act (WP 5)

I Reasoning and learning in social contexts (WP 6)

I Trustworthy AI (WP 3)

I Beyond TAILOR:

I other ICT-48 networks, community at large (through VISION)
I AI-on-demand platform
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