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Abstract. Team injury burden is routinely discussed in NHL front offices as 
bad luck. We argue it is partly a decision variable, and that the right unit of 
analysis is not absolute injuries but the difference between a team's player-games 
lost and its opponents'. Building on the dataset of 40,600 team-game observations 
spanning the 2008–2009 through 2023–2024 NHL regular seasons developed in 
[2],  with the 2024–25 season as held-out  evaluation data,  we introduce and 
characterize Net_MGL (Net Man-Games Lost) and its cap-weighted counterpart 
Net_MGL_Money,  evaluate  coach  and  general  manager  tandems  on  these 
metrics for the 2024–25 season, and describe two practical rules of thumb that 
emerge: (i) in the 2024–25 distribution, 9 of 16 playoff teams (56%) carried a 
positive seasonal Net_MGL while 7 of 16 non-playoff teams also did, illustrating 
that Net_MGL is informative but not deterministic at the single-season level; and 
(ii) extreme tandems on either side of the distribution can defy the central pattern, 
as illustrated by the Bylsma / Botterill Seattle tandem (largest positive Net_MGL, 
missed playoffs) and the Bednar / MacFarland Colorado tandem (second-largest 
negative Net_MGL, made playoffs).  We further show that  goaltender injury 
incidents  diverge  between  playoff  and  non-playoff  teams  from early  in  the 
season, with the non-playoff curve accumulating goalie injuries at roughly 1.5× 
the  rate  of  playoff  teams by season's  end.  The framework is  intended as  a 
complement to traditional coach evaluation, surfacing the health-management 
dimension that raw win-loss records systematically obscure.
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1 Introduction

Every NHL coach talks about health, and every fan intuits that a healthy roster wins 
more. Yet when the performance of coaches is formally evaluated, the health dimension 
rarely appears explicitly. Injuries are treated as exogenous shocks, subtracted out before 
judgment is rendered on tactics or lineup decisions. That framing misses a fact that cap 
accounting has made hard to ignore: NHL teams tallied 14,566 days on injured reserve 
in the 2022–23 season, costing $279 million against the cap and $210 million in cash 
[4].  A  team's  season-long  injury  profile  is  an  organizational  outcome,  shaped  by 



coaching workload choices, practice regimens, deployment decisions, and front-office 
acquisition of durable players. It deserves to be measured.

Absolute injury counts, however, are a flawed measurement target: a healthy team 
may still lose games if its opponents are healthier. What matters for competitive balance 
is the relative health position on a given night. This paper develops that idea into a pair 
of metrics (Net_MGL and Net_MGL_Money), and uses them to evaluate coach and 
general manager tandems for the 2024–25 NHL regular season, building on the 40,600 
team-game observation dataset spanning 2008–2009 through 2023–2024 developed in 
[2], with injury severity, cap hits, and playoff qualification merged at the game level.

2 Net_MGL and Net_MGL_Money

This paper develops Net_MGL as a coach and general manager evaluation metric. It 
is deliberately distinct from, and complementary to, the team-level playoff-qualification 
prediction task pursued by Krueger [2,3]. That work treats cumulative man-games lost 
as one input feature among 1,200 others in service of a binary playoff-qualifier target; 
the present paper inverts the question, treating relative injury position itself as the  
quantity of interest, and asking what it says about the people managing the roster. For 
each NHL game, both teams typically carry some players on injured reserve. We define 
the per-game Net_MGL from team T's perspective as:

Net_MGLT,g = MGLopp(T),g − MGLT,g

(1)

where MGLT,g is the number of man-games lost on team T's roster going into game g, 
and opp(T) is the opposing team in that game. A positive value indicates that team T 
entered the game with more available players than its opponent. Summing Net_MGL 
across the 82 regular-season games produces a single figure of merit  for a team's 
relative health position over the season.

Net_MGL treats each missing player equally. In a hard-cap league, this is the wrong 
aggregation: a top-line center and a thirteenth forward are not equivalent absences. We 
therefore also compute a cap-weighted counterpart, Net_MGL_Money, which weights 
each man-game lost  by the  player's  average annual  value.  The metric  retains  the 
relative-health intuition of Net_MGL while capturing roster quality: a team losing a 
$10M top-line forward for 20 games while its opponent loses a $900K rookie for the 
same span registers a large negative Net_MGL_Money even when Net_MGL is only 
marginally negative.

3 Relative Health and Playoff Qualification

We begin with absolute injury counts to confirm the expected pattern. Fig. 1, drawn 
from [1], plots 2024–25 regular-season total injuries against total injury cost, with 
playoff and non-playoff teams shaded distinctly. The overall correlation is positive, as 
injury cost scales with injury count, but two details matter for the argument that follows. 



First,  a pair  of teams at  the high-injury tail,  Colorado (478 injuries,  $23.3M) and 
Toronto, made the playoffs despite severe injury burdens, while Seattle at the low-
injury tail (113 injuries) did not. Second, within any injury-count band, the mix of 
playoff  and  non-playoff  teams  is  substantial.  Absolute  injury  count  alone  is  not 
sufficient to separate qualifiers from non-qualifiers.

Fig. 1. 2024–25 NHL regular season: total team injuries versus total injury cost, labeled by 
head coach. Green markers denote teams that made the playoffs; gray markers missed. The 

positive relationship confirms that injury cost scales with injury count, but within-band overlap 
shows absolute injury count is not a clean separator of playoff outcomes. Source: Probility AI 

internal dataset.

Substituting Net_MGL for absolute injury count modestly sharpens the separation. 
In the 2024–25 distribution shown in Fig. 2, 9 of 16 playoff teams (56%) posted a 
positive seasonal Net_MGL while 7 of 16 non-playoff teams also did. Net_MGL is 
therefore informative but not deterministic at the single-season level: roster health 
relative to opponents shifts the probability of qualifying without forcing the outcome. 
The  four-archetype  taxonomy  below  (Sect.  4)  characterizes  the  resulting  joint 
distribution  and  surfaces  the  cases  where  Net_MGL  most  clearly  diagnoses  an 
organizational rather than a luck-driven outcome.

4 Evaluating Coach and GM Tandems

We treat coach and general manager as a tandem because the decisions that drive 
Net_MGL split across both offices. Coaches control in-season workload, deployment, 
and  practice  intensity;  GMs  control  acquisition  of  durable  players,  medical-staff 
investment, and roster depth. Fig. 2, drawn from [1], evaluates all 32 tandems for the 



2024–25 regular season on cumulative Net_MGL, ordered from largest manpower 
advantage (top) to largest manpower deficit (bottom).

Fig. 2. Coach / GM tandem evaluation for 2024–25, ordered by cumulative Net_MGL across 
the 82-game regular season. Dark bars denote tandems whose teams made the playoffs; light 

bars missed. Source: Probility AI internal dataset.

4.1 Four Archetypes

Four distinct archetypes emerge from the 2024–25 distribution.
Healthy  advantage  that  converted.  Scott  Arniel  and  Kevin  Cheveldayoff  in 

Winnipeg (+145 Net_MGL), Sheldon Keefe and Tom Fitzgerald in New Jersey (+120), 
and Jon Cooper and Julien BriseBois in Tampa Bay (+110) each entered the playoffs 
with the second-, third-, and fifth-largest manpower advantages in the league. This 
archetype is the textbook case: a healthy roster, sustained across the season, converted 
into a playoff berth.

Healthy advantage that did not convert. Dan Bylsma and Jason Botterill in Seattle 
posted the largest manpower advantage in the league (+190 Net_MGL) and missed the 



playoffs. Joe Sacco and Don Sweeney in Boston (+135) and Mike Sullivan and Chris 
Drury in New York (+100) sit in the same band. The lesson is the inverse of the 
textbook case:  Net_MGL is  necessary on average but  not  sufficient  in any single 
season, and its presence without a corresponding playoff outcome warrants scrutiny of 
tactical and roster construction choices.

Injury burden that the team absorbed.  Jared Bednar and Chris MacFarland in 
Colorado (−190 Net_MGL) and Craig Berube and Brad Treliving in Toronto (−150) 
endured the second- and third-deepest deficits in the league yet still qualified, likely 
because each team's non-injured roster cluster was deep enough to absorb the load. Kris 
Knoblauch  and  Stan  Bowman  in  Edmonton  (−40)  are  the  headline  case  for  this 
archetype: they entered the playoffs with a manpower deficit and reached the 2024–25 
Stanley Cup Final, losing to Florida. Coaches in this archetype are generating positive 
organizational value that raw win-loss records understate.

Injury burden that ended the season. Dean Evason and Don Waddell in Columbus 
posted the deepest deficit in the league (−200 Net_MGL) and missed the playoffs. Ryan 
Warsofsky and Mike Grier in San Jose (−130) and Patrick Roy and Lou Lamoriello on 
Long Island (−100) populate the same band. This archetype is the converse of the 
Colorado/Toronto case: insufficient depth to absorb the injury load.

The archetypes suggest a practical reframing of coach performance. A coach whose 
team reaches the playoffs with a clearly negative Net_MGL is generating positive 
organizational value that raw win-loss records understate; conversely, a coach whose 
team misses the playoffs despite a positive Net_MGL warrants scrutiny of tactical 
choices, not the training room.

5 Goaltender Injury Trajectories

Not all positions are equal in the Net_MGL accounting. Across the 40,600 game 
dataset we find that goaltender injury incidents behave as a strong separator of playoff 
outcomes. Fig. 3 plots the cumulative goaltender injury count for playoff and non-
playoff teams across the regular season. Curves track each other through roughly the 
first 15 games and then separate, with non-playoff teams accumulating goalie injuries at 
a meaningfully higher rate through mid-season and beyond.



Fig. 3. Cumulative goaltender injury incidents by regular-season game number, averaged across 
playoff and non-playoff teams 2008–2024. The dotted vertical line marks mid-season (game 
41). By season's end, non-playoff teams accumulate goalie injuries at roughly 1.5× the rate of 

playoff teams. Source: Probility AI multi-season dataset, panel c_G_count.

Operationally this yields a rule of thumb: a team entering mid-season with zero 
goaltender injury incidents to its primary netminder occupies a materially better playoff 
position  than  teams  of  otherwise  similar  standings.  For  coaches  and  GMs,  the 
implication is protection of the crease: goaltender workload management, timely rest,  
and investment in backup quality are organization-level decisions with direct Net_MGL 
consequences.

6 The Cup Champion's Injury-Cost Ceiling

A complementary pattern appears among Stanley Cup champions. Fig. 4, drawn 
from [1], plots the 16 Cup winners from 2008–09 through 2023–24 against the league-
wide  injury  distribution  for  the  same  window.  Champions  cluster  in  the  low-to-
moderate injury band: most won with total injury counts below 300 and total injury 
costs below $10M. Two outliers (PIT 2016, VGK 2022) won despite extreme injury 
counts above 350 and costs above $16M; in each case the team exploited the pre-2024 
salary-cap loophole by carrying injured stars on long-term injured reserve through the 
regular season and returning them for the playoffs.

The 2024–25 Stanley Cup finalists are shown for context (purple stars). Florida 
(Maurice / Zito) won the Cup with moderate injury exposure and a positive Net_MGL 
of +75 (Fig. 2). Edmonton (Knoblauch / Bowman) reached the Final with an injury-cost 
burden close to the EDM 2024 mark in Fig. 4 and a Net_MGL of −40 — a manpower 
deficit,  but  with depth and tactical  management absorbing it  through four playoff 



rounds. The Edmonton case is the strongest single-season illustration of this paper's 
central claim: championship roster structure is best read as combined cap and Net_MGL 
behavior, not either alone. Net_MGL is, in that light, a leading indicator of a Cup-
capable roster structure when paired with cap discipline.

Fig. 4. Stanley Cup winners 2008–2024 (gold stars) plotted on total team injuries versus total 
injury cost, against the league-wide distribution (light gray points) for the same 16-season 

window. Most champions cluster in the low-to-moderate injury band; outliers PIT 2016 and 
VGK 2022 won despite extreme injury counts by exploiting the pre-2024 long-term-injured-
reserve cap loophole. The 2024–25 Stanley Cup finalists Edmonton and Florida (purple stars) 
are shown for context: Florida won; Edmonton reached the Final from the negative side of the 

Net_MGL distribution. Source: Probility AI internal dataset.

7 Discussion and Practical Use

Net_MGL is not a complete model of coaching value. It is silent on tactical quality, 
power-play execution, and in-game decision making. What it provides is a missing 
organizational  dimension:  a  lens  on  injury  management  that  separates  luck  from 
decision, is cheap to compute, requires no proprietary data, and composes naturally 
with existing win-share and goals-added frameworks.

Three  practical  uses  follow.  First,  in  coach  evaluation,  Net_MGL  and 
Net_MGL_Money provide context for raw win-loss totals: a coach with a negative 
Net_MGL who still makes the playoffs outperforms a coach with a positive Net_MGL 
at the same record. Second, in coach selection, organizations can screen candidates by 



the historical Net_MGL of teams they have led. Third, in GM evaluation, the cap-
weighted Net_MGL_Money exposes acquisition errors: GMs who routinely acquire 
high-cap, low-durability players will show persistently negative Net_MGL_Money. 
The metric's limits are real: it treats each man-game lost equally before cap weighting, 
does not distinguish between minor injuries absorbed by depth and major injuries that 
restructure the roster, and is silent on the individual game in which a rival's injury tilted 
the outcome. The right use of Net_MGL is as a season-level context metric, alongside  
on-ice analytics and the organizational knowledge that coaches and GMs still bring to 
the bench and the war room.
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